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Abstract Emotion Recognition is the technique that is needed in future mobile field, and the key
technique in these days when human central interface is important. Specially, the short message(like
SNS, mobile messenger and instant message) is the media what is well expressed because of the
growth of the mobile techniques. In order to classify the emotion of user from these texts, it's
important role that extracts the appropriate feature values from sentences, and that improves reliability
and accuracy. This paper proposes a phoneme kernel method that extracts the features in order to
classify the short messages within 140 letters as a positive or negative signification. In addition, We
change from the syllable kernel adapted the string kernel for Korean and find the optimized decay
factor A for the mobile texts. We prove the classifier using the phoneme kernel that is adapted in the
mobile texts.
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Fig. 2 A proposed emotion classifier based on phoneme kernel
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Table 4 A percentage of syllable and phonem kernels

Classified Result
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Table 5 Comparison of performance of syllable and

phoneme kernels

F1 Presicion Recall Overall
Syllable 79.24 73.96 85.32 55.29
Phoneme 81.41 78.27 84.81 61.26
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