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Abstract Traditional speech emotion recognition techniques recognize emotions using a general
training model based on the voices of various people. These techniques can not consider personalized
speech character exactly. Therefore, the recognized results are very different to each person. This
immediate

rat

paper proposes an adaptive speech emotion recognition framework made from user’s
feedback data using a prompted labeling technique for building a personal adaptive recognition model
and applying it to each user in a mobile device environment. The proposed framework can recognize
emotions from the building of a personalized recognition model.
evaluated to be better than the traditional research techniques from three comparative experiment. The

The proposed framework was

proposed framework can be applied to healthcare, emotion monitoring and personalized service.
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Fig. 4 Prompted Labeling GUI
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Fig. 5 Example of Prompted Labeling Data
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Table 1 Number of Prompted Labeling Data Samples

Angry Happy Normal Sad
Male 131 119 116 116
Female 181 174 119 181
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Table 2 Clustered Data of Male Tester

Angry Happy Normal Sad
Angry 100% 0 0 0
Happy 0 100% 0 0
Normal 0 14% 84% 0
Sad 0 0 0 100%
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Table 3 Clustered Data of Female Tester

Angry Happy Normal Sad
Angry 100% 0 0 0
Happy 0 99% 0 1%
Normal 0 0 100% 0
Sad 0 0 0 100%
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